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A B S T R A C T

Background: The MyWay Diabetes (MWD) digital platform aims to improve diabetes management through per
sonalised access to health records, structured education, and other self-management features.
Purpose: We aimed to assess health outcomes in MWD users with type 1 diabetes (T1DM) and type 2 diabetes 
(T2DM) over 6 years of use.
Methods: An interrupted time-series analysis in MWD users with T1DM or T2DM in Somerset, UK, compared pre- 
and post-MWD registration trends to estimate differences in health outcomes (HbA1c, blood pressure, lipids, 
BMI, weight). Generalised estimating equations modelling adjusted for participant baseline characteristics and 
identified significant predictors.
Results: A total of 7207 people (T1DM: n = 750 (52.3 % female, mean age 51.2 (SD15.8)), T2DM: n = 6457 
(58.1 % male, mean age 64.7 (SD12.0))) were included in the analysis. The study showed some health outcomes 
improved significantly for T2DM between pre- and post-MWD registration. HbA1c reduced by 8.6 mmol/mol at 
24 months post-MWD registration, with greatest improvements observed in users who were younger, had shorter 
diabetes durations and who were frequent MWD users. All health outcomes for T1DM were unchanged.
Conclusion: The large HbA1c reduction for T2DM is notable for a scalable digitally-enabled self-management 
intervention and adds to the evidence base for digital interventions for diabetes self-management.

1. Introduction

Diabetes mellitus affects approximately 10 % of the world’s popu
lation, and accounts for 10 % of global health spending. Eighty percent 
of costs are due to complications that could be prevented with better 
clinical management and patient self-management [1,2].

Digital health technologies have led to considerable improvements in 
diabetes care. Technologies that incorporate tailored support and edu
cation for people with diabetes can be associated with improved self- 
management and clinical outcomes [3]. The MyWay Diabetes (MWD) 
platform created by MyWay Digital Health (MWDH) links with primary 
care systems to provide users with personal health data and tailored 
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education, which can be accessed via an interactive website and mobile 
app [4]. My Diabetes My Way, a similar derivative launched in Scotland, 
is associated with high user satisfaction and improvements in key pa
rameters such as HbA1c, resulting in an overall cost-saving (approxi
mately 3:1–5:1 return on investment) [5].

The platform provides users access to their healthcare records (e.g., 
test results, appointment history), as well as advice and resources (in
formation, accredited structured education, and videos). Additionally, 
users can manually enter home-recorded data (e.g., weight, blood 
pressure, blood glucose), set health and lifestyle goals and link devices 
like Fitbits and glucose meters (including continuous glucose meters). 
Data and tailored educational resources are presented via a series of data 
visualisations and explanations [6] (see Fig. 1). Additional functionality 
has been added more recently, providing users with their risk of future 
diabetes-related complications, and advice on how to avoid these using 
predictive analytics.

MWD was implemented within NHS Somerset in 2018 as an adjunct 
to the services already available to all people with diabetes. The Som
erset region consists of 1 ICB (Integrated Care Board), 2 acute hospitals, 
a community service and 60 GP practices, serving a total diabetes 
population of approx. 38000 [7]. All patients with a diabetes diagnosis 
are invited to register for MWD via mail and advertising within the GP 
practices and pharmacies. Patients are not automatically registered with 
MWD through their GP and must actively register (free of charge).

The aim of this study was to characterise trends in glycaemic control 
(HbA1c) and other diabetes-related health outcomes (lipids, blood 
pressure, weight, BMI) for MWD users within NHS Somerset, by 
comparing trends through time with respect to date of MWD 
registration.

2. Methods

2.1. Data source and setting

MWDH have established data sharing agreements and approvals in 
place with all NHS Somerset GP practices (n = 60/60) to extract data 
items relevant to diabetes. These data items include routinely collected 
physical measurements (e.g., weight, blood pressure) and blood in
vestigations (e.g., HbA1c, and cholesterol) as well as socio-demographic 
data. MWD usage data was extracted from the MWDH servers.

2.2. Study design and population

All adults living with either type 1 diabetes mellitus (T1DM) or type 
2 diabetes mellitus (T2DM) registered with GP practices in Somerset, 
UK, and registered with MWD were eligible to be included in the study. 
Using this cohort, a single-arm interrupted time-series analysis (ITSA) 
study was conducted. The data spanned from 01/08/2015 until data 
extraction on 19/12/23. The follow-up period was divided into two 
sections: the 48-months pre-MWD enrolment and the 24-months post- 
MWD enrolment aggregated into 3-month intervals. Only users who 
had at least one observation in both pre- and post-follow-up periods 
were included in the analysis for each outcome.

2.3. Data items

The primary outcome was Glycated Haemoglobin (HbA1c, mmol/ 
mol). Further diabetes-related health outcomes included: 

− Total cholesterol (serum cholesterol) (mmol/L)
− High-Density Lipoprotein cholesterol (HDL-C) (mmol/L)
− Low-Density Lipoprotein cholesterol (LDL-C) (mmol/L)
− Non-High-Density Lipoprotein cholesterol (Non-HDL-C) (mmol/L)
− Triglycerides (mmol/L)
− Systolic Blood Pressure (SBP) (mmHg)
− Diastolic Bloop Pressure (DBP) (mmHg)
− Body Mass Index (BMI) (kg/m2)
− Weight (kg)

Socio-demographic data included age, sex, diabetes type, diabetes 
duration, and deprivation levels using the English Index of Multiple 
Deprivation (EIMD) [8]. Lastly, MWD enrolment duration and MWD 
logins (both MWD website and MWD app) were used to estimate MWD 
usage. MWD usage was divided into three groups: low MWD usage = <1 
login/year, medium MWD usage = 1–3 logins/year, high MWD usage 
= >3 logins/year. A small sample (T1DM: n = 17/750 (2.3 %); T2DM: 
n = 125/6457 (1.9 %)) of users with no logins were included in the 
analysis as it is possible to access partial MWD functionality (e.g., open 
online structured education [9,10], website content viewing and 
newsletter information containing prompts and localised service infor
mation) without user login.

Fig. 1. Screenshots of MyWay Diabetes interfaces.
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2.4. Minimum clinically important differences

The minimal clinically important differences in the study parameters 
between the pre- and post-MWD registration period trend at 24 months 
were defined as a minimum difference of 5 mmol/mol (0.46 %) in 
HbA1c [11], 5 % reduction in body weight [12,13], reduction of 2.0 BMI 
units [13], 0.6 mmol/l reduction in total cholesterol [14], 0.5 mmol/l 
reduction in LDL-C [15], and 5 mmHg reduction in SBP or DBP [16].

2.5. Data analysis

Descriptive statistics and univariate analyses were conducted to 
explore the data prior to a single-arm ITSA being performed on each 
health outcome. Firstly, ordinary least squares regression (OLS) analyses 
were performed for each outcome with four coefficients to be deter
mined: the intercept, the pre-MWD registration trend, the level change 
at MWD registration and the post-MWD registration trend. The presence 
of autoregression and moving average relationships were initially 
assessed using the Durbin-Watson test, autocorrelation (ACF) and partial 
autocorrelation (PACF) plots. Subsequently, the generalised estimating 
equations (GEE) model was used to account for repeated measurements 
on same subjects [17,18], using an autoregressive correlation structure 
based on theoretical considerations, the autocorrelation plots and lastly 
the quasilikelihood under the independence model information criterion 
(QIC) number per Ballinger [17]. Subsequently, covariates were added if 
it improved the model fit based on the QIC numbers [19].

Using a single-arm ITSA permitted us to measure both a potential 
immediate change and a gradual change over time post-MWD registra
tion. Thus, it was possible to construct counterfactuals via a projection of 
the trend pre-MWD registration up to 24 months post-MWD registration, 
which essentially acted as “controls” in absence of a control group not 
having registered with MWD.

The final model was then stratified by diabetes type and used to 
calculate the absolute changes for each health outcome at 24-months 
post-MWD registration compared to the counterfactuals.

To explore potential effect modification, sub-group analyses were 
conducted for the primary outcome (HbA1c) by demographic charac
teristics and levels of MWD usage.

Chi-square test was used to compare baseline characteristics of MWD 
users with the wider diabetes population in Somerset, using aggregate 
data extracted from the National Diabetes Audit data [20]. The 

aggregate data included type of diabetes, age, sex, EIMD and glycaemic 
control (HbA1c ≤8 mmol/mol (6.5 %).

Only complete-case analyses were conducted due to the high pro
portion of missing health outcome data for each time point in the ITSA, 
which made imputation methods infeasible [21].

All analyses were conducted in R studio (version 2023.12.0 +369) 
and using R (version 4.3.2).

2.6. Approvals

MWD has been endorsed by the NHS Somerset ICB and Somerset 
NHS Foundation Trust. At enrolment, all MWD users agreed to the use of 
their anonymised clinical data for the purposes of service improvement. 
As this study was service evaluation, no additional approvals were 
sought. All data used within this study were anonymised prior to 
extraction by the MWDH team.

3. Results

3.1. Baseline characteristics of the study population

Out of a total of 38595 people living with T2DM or T1DM registered 
with GP practices in Somerset, UK [20] at the time of data extraction, 
7207 of 7787 (92.6 %) users registered with MWD were included in the 
study (see Fig. 2).

The majority were men (4146/7207; 57.5 %) and aged 60–79 (4065; 
56.4 %), with an overall mean age of 63.3 (SD13.1). The vast majority 
were diagnosed with T2DM (6457; 89.6 %) compared to the T1DM 
cohort (750; 10.4 %) (Table 1).

The T2DM population were older (mean age T2DM: 64.7 years 
(SD12.0) vs. T1DM: 51.2 years (SD15.8)), had a higher proportion of 
men (T2DM: 58.1 % vs. T1DM: 47.7 %), had a shorter diabetes duration 
(T2DM: 8.1 years (SD7.2) vs. T1DM: 22.2 years (SD15.1)), and used the 
MWD slightly more frequently (T2DM: 0.3 logins/year (SD1.0) vs. 
T1DM: 0.2 logins/year (SD0.6)), compared to the T1DM cohort. See 
supplementary table 1 and 3.

Compared to the population with diabetes not using MWD in Som
erset [20], the T2DM MWD cohort was younger (≥65 years: 53.6 % vs. 
61.7 %, p < .001), more affluent (<2 EIMD: 7.8 % vs. 9.8 %, 
p < 0.001), had a larger proportion of men (58.7 % vs. 56.7 %, 
p = 0.003) and had better baseline glycaemic control (HbA1c 

Fig. 2. Flow chart.
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≤48 mmol/mol (6.5 %): 31.9 % vs. 26.2 %, p < 0.001). The T1DM 
MWD cohort had a smaller proportion of men (47.7 % vs. 56.2 %, 
p < .001), but did not significantly differ by any other baseline char
acteristics [20].

3.2. Changes between pre- and post-MWD registration using ITSA

Table 2 and Table 3 provide the results of the ITSA for T2DM and 
T1DM, respectively.

For the T2DM cohort, all health outcomes improved significantly at 
MWD registration while only HbA1c significantly improved in post- 
MWD registration trend as well (Table 2 and Fig. 3). The predicted 
changes in each outcome at 24 months post-MWD registration can be 
seen in Table 4.

For the T2DM cohort, HbA1c (–8.6 mmol/mol;95 %CI: − 10.0 to 
− 7.3, p < 0.001), triglycerides (-0.1 mmol/L;95 %CI: − 0.2 to − 0.1, 
p = 0.028), SBP (-2.5 mmHg;95 %CI: − 4.0 to − 1.1, p < 0.001), and 
DBP (-2.0 mmHg;95 %CI: − 2.9 to − 1.0, p < 0.001) all significantly 
improved, while LDL-C (0.1 mmol/L;95 %CI: 0.1 to 0.2, p = 0.004) 

worsened slightly. Total cholesterol, HDL-C, non-HDL-C, BMI, and 
weight were unchanged.

None of the health outcomes changed significantly among the T1DM 
cohort at MWD registration nor during the post-MWD registration 
period (Table 3 and Fig. 3) and there was insufficient evidence to suggest 
that outcomes for T1DM changed significantly between pre-MWD 
registration and 24 months post-MWD registration (Table 4). Howev
er, the significantly increasing pre-MWD registration trend for both SBP 
and DBP did not continue to significantly increase post-MWD 
registration.

3.2.1. Sub-group analyses
Supplemental table 5 provides results on the absolute change in 

HbA1c across sex, age, EIMD, diabetes duration, MWD enrolment 
period, and MWD usage for the T2DM cohort only. It was assessed that 
there was a lack of power to do sub-group analyses within the T1DM 
cohort.

Significant differences were observed by age, diabetes duration, and 
MWD usage, while change in HbA1c levels were similar across sex, 
EIMD, and MWD enrolment period. Younger users (<65 years: − 11.1 
(-12.9 to − 9.4) vs. ≥ 65 years: − 6.4 (-7.5 to − 5.3), p < 0.001), users 
with shorter diabetes durations (<90.5 months: − 11.7 (-13.1 to − 10.2) 
vs. ≥ 90.5 months: − 5.0 (-6.3 to − 3.6), p < 0.001), and users with 
higher MWD usage (high MWD usage: − 12.7 (-15.1 to − 10.3) vs. me
dium MWD usage: − 9.7 (-11.5 to − 7.8) vs. Low MWD usage: − 6.7 (-8.1 
to − 5.4), p < 0.001) all significantly improved more than their respec
tive comparison groups. Post-hoc analysis also suggested that there was 
a dose-response relationship (β= − 10.7 (-12 to − 9.31), p < 0.001) be
tween HbA1c reduction and increasing MWD usage levels.

4. Discussion

Overall, we found significant improvements within the T2DM study 
cohort at 24 months in HbA1c, triglycerides, SBP, and DBP, while LDL-C 
worsened slightly, and no significant changes were observed in total 
cholesterol, HDL-C, non-HDL-C, BMI and weight. For LDL-C, the post- 
MWD registration trend did not provide enough evidence to suggest 
that the improving pre-MWD registration trend continued after MWD 
registration, which is partly why the prediction at 24 months slightly 
worsened.

HbA1c was the only outcome that exceeded what was determined to 
be a minimal clinically important difference. However, what constitutes 
a clinically important improvement at an individual level may differ from 
its importance at a population level; a small diabetes population-level 
reduction in e.g. weight or HbA1c could result in highly relevant re
ductions in diabetes-related complications and their associated health
care costs [22]. These findings are in keeping with the observed 
improvements in glycaemic control amongst users of the My Diabetes 
My Way platform which can be considered a low-cost population-level 

Table 1 
Baseline characteristics.

Baseline characteristics Participants (n = 7207)

Sex ​
Female (%) 

Male (%)
3061 (42.6 %) 
4146 (57.5 %)

Age ​
Mean (SD) 

Median [Min, Max]
63.3 (13.1) 
65.0 [18.0, 96.0]

Diabetes type ​
Type 1 diabetes (%) 

Type 2 diabetes (%)
750 (10.4 %) 
6457 (89.6 %)

English Index of Multiple Deprivation (EIMD) 2019* ​
Group 1 (%) 

Group 2 (%) 
Group 3 (%) 
Group 4 (%) 
Group 5 (%) 
Group 6 (%) 
Group 7 (%) 
Group 8 (%) 
Group 9 (%) 
Group 10 (%) 
Missing (%)

146 (2.0 %) 
382 (5.3 %) 
463 (6.4 %) 
990 (13.7 %) 
1155 (16.0 %) 
1088 (15.1 %) 
926 (12.6 %) 
737 (10.2 %) 
429 (6.0 %) 
346 (4.8 %) 
545 (7.6 %)

Total MWD enrolment (months) ​
Mean (SD) 

Median [Min, Max]
27.7 (21.4) 
16.3 [0.01, 65.1]

Diabetes duration (years) ​
Mean (SD) 

Median [Min, Max]
9.6 (9.4) 
7.4 [0.01, 73.8]

SD: Standard deviation, MWD: MyWay Diabetes.
* EIMD 2019 rank 1 = most deprived area in England, rank 10 = least 

deprived area in England.

Table 2 
Pre-, MWD registration and post-MWD registration trends for T2DM.

Clinical outcomes Cons Pre-MWD registration trend MWD registration level change Post-MWD registration trend

Coef 95 %CI P* Coef 95 %CI P* Coef 95 %CI P*

HbA1c 52.306 0.559 (0.517; 0.601) <0.001 − 2.493 (− 2.866; − 2.101) <0.001 − 0.204 (− 0.301; − 0.108) <0.001
Total cholesterol 4.528 − 0.011 (− 0.014; − 0.009) <0.001 − 0.104 (− 0.135; − 0.073) <0.001 0.007 (− 0.001; 0.014) 0.057
HDL-C 1.198 0.001 (− 0.001; 0.001) 0.412 0.012 (0.004; 0.018) 0.002 0.001 (− 0.001; 0.003) 0.309
LDL-C 2.440 − 0.018 (− 0.022; − 0.015) <0.001 − 0.056 (− 0.086; − 0.027) <0.001 0.006 (− 0.003; 0.010) 0.077
Non-HDL-C 3.379 − 0.015 (− 0.018; − 0.012) <0.001 − 0.111 (− 0.144; − 0.079) <0.001 0.005 (− 0.003; 0.013) 0.220
Triglycerides 2.035 0.006 (0.003; 0.010) <0.001 − 0.100 (− 0.140; − 0.057) <0.001 0.003 (− 0.007; 0.012) 0.637
SBP 131.021 0.279 (0.235; 0.321) <0.001 − 0.545 (− 1.079; − 0.012) 0.045 0.032 (− 0.099; 0.162) 0.632
DBP 76.472 0.142 (0.117; 0.174) <0.001 − 0.451 (− 0.797; − 0.104) 0.011 − 0.043 (− 0.127; 0.042) 0.322
BMI 32.047 − 0.002 (− 0.011; 0.007) 0.649 − 0.248 (− 0.317; − 0.178) <0.001 − 0.004 (− 0.022; 0.015) 0.714
Weight 93.892 − 0.023 (− 0.047; 0.001) 0.057 − 0.704 (− 0.892; − 0.517) <0.001 − 0.014 (− 0.067; 0.040) 0.614

HbA1c: glycated haemoglobin, HDL-C: high density lipoprotein cholesterol, LDL-C: low density lipoprotein cholesterol, Non-HDL-C: non-high-density lipoprotein, SBP: 
systolic blood pressure, DBP: diastolic blood pressure, BMI: body mass index, MWD: MyWay Diabetes, P*: P-value from Wald test.
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health intervention [23]. Also, previous systematic reviews suggest that 
digital self-management platforms for T2DM can reduce HbA1c by 
around 5 mmol/mol. However, most included studies had shorter du
rations, typically between 6 and 12 months, whereas our current study 
included a 24-month follow-up [24–26].

For the T2DM cohort, our findings indicate that younger participants 
(<65 years) showed greater improvements in HbA1c. According to 
previous research, younger people tend to benefit more from digital 
health interventions for T2DM, believed to partly be due to generally 
having higher digital literacy levels [27].

Our sub-group analysis suggested a dose-response relationship be
tween HbA1c reduction and increasing MWD usage levels. This aligns 
with findings from a systematic review by Ossenbrink et al. [28] indi
cating that higher digital health intervention usage by people living with 
T2DM resulted in better improvements in clinical outcomes (e.g., 
HbA1c) compared to participants with lower usage levels.

Shorter diabetes duration was also associated with greater re
ductions in HbA1c. While the current evidence on this is limited, some 
studies suggest that diabetes duration may influence the effectiveness of 
digital health interventions [29]. The greater HbA1c reduction observed 
in individuals with shorter diabetes duration may be partially explained 
by age, as younger participants - who are more likely to be recently 
diagnosed - also showed greater improvements in our study. This could 
suggest that MWD and digital interventions may be particularly effective 
earlier in the disease course.

We did not find any significant changes among the T1DM cohort 
between pre- and post-MWD registration, potentially influenced by a 
relatively small sample size (with reduced statistical power) compared 
to the T2DM cohort (750 vs. 6457 participants). Traditional metabolic 
markers also may not be the best way to track impact on T1DM care; we 
were unable to assess impact on other T1DM factors (e.g., diabetes 
distress and hypoglycaemia) in this study. In addition, there have been 
significant changes to T1DM management over the study period 
including widespread introduction of glucose sensing technologies. This 
may mask impact of other interventions.

The key strengths of this study include the use of a long observation 
period of 72 months. Using a single-arm ITSA allowed for the use of 
multiple observations during the pre-MWD period to establish a trend 
which is a more reliable predictor of the future than a single pre-MWD 
registration observation [30], while simultaneously allowing disaggre
gation of short-term effects from longer term effects of MWD registration 
[31].

Also, the study used routine clinical care data from all GP practices 
within NHS Somerset (n = 60/60), which should help minimise both 
selection and information bias often associated with observational 
studies [32]. The study was also conducted in a real-world setting.

There are some limitations to our study. Due to the nature of an ITSA 
as an observational study analysis method, it is only possible to make 
inferences about correlations and it is not possible to ascertain causal 

relationships. Moreover, not having a non-exposed control group means 
that any shifts in level or trend at the time of MWD registration is 
assumed to be fully attributed to the MWD registration itself and 
therefore does not allow for identification of concurrent external in
fluences which could threaten the study’s internal validity [33].

Further potential confounders are secular trends in management of 
both T1DM and T2DM within the period of study. In the UK, national 
guidelines for the management of T2DM were revised in 2022 to include 
the use of SGLT2 inhibitors for those affected by or at risk of cardio
vascular disease [34]. Similarly, T1DM guidelines were also updated in 
2022 to include a recommendation for continuous or flash glucose 
monitoring [35]. This dataset did not include pharmacotherapy or in
sulin delivery systems, and so it was not possible to correct for these 
potential confounders. However, there has been a minimal improvement 
in the proportion of people with T2DM achieving target glycaemic 
control at a national level, and no other observed improvements in 
achieving treatment targets for any of the other clinical outcomes after 
this revision [20].

As a further limitation, the T2DM MWD cohort were younger, had a 
larger proportion of men, were more affluent and had better baseline 
glycaemic control than the broader T2DM population. While the T1DM 
MWD cohort had a smaller proportion of men, it did not differ signifi
cantly by other baseline characteristics compared to the broader T1DM 
population [20].

Per an analysis conducted in Scotland, MWD users tend to be 
younger and more affluent than the broader diabetes population, so 
these baseline characteristics are in keeping with this, although the 
T1DM MWD cohort did not differ by age or affluence compared to the 
wider diabetes population in the current study. It was also found that 
MWD users with T1DM had a higher proportion of women, while the 
opposite was true for MWD users with T2DM, which is also echoed in the 
current study [36]. It is also possible that MWD users have higher 
motivation, self-efficacy, and autonomy to improve diabetes outcomes 
compared to non-MWD users. Furthermore, using a complete-case 
analysis could have introduced bias to the sample, although no differ
ences in outcomes were observed. The differences between the included 
MWD users and the broader diabetes populations should be taken into 
consideration when interpreting the findings of this research.

5. Conclusion

Our findings showed marked improvements in glycaemic control for 
MWD users with T2DM, as well as in some secondary health outcomes 
considered in the analysis. Improvements were greatest among partici
pants who used the MWD platform the most, were younger and who 
were at an earlier stage of T2DM. Our study did not find any significant 
changes between pre- and post-MWD registration for the T1DM cohort. 
This research is the first such evaluation of MWD in Somerset and uses a 
different methodology to the existing published literature thereby 

Table 3 
Pre-, MWD registration and post-MWD registration trends for T1DM.

Clinical outcomes Cons Pre-MWD registration trend MWD registration level change Post-MWD registration trend

Coef 95 %CI P* Coef 95 %CI P* Coef 95 %CI P*

HbA1c 66.111 − 0.008 (− 0.139; 0.123) 0.904 − 0.915 (− 1.987; 0.156) 0.094 − 0.021 (− 0.279; 0.237) 0.874
Total cholesterol 4.495 0.001 (− 0.008; 0.008) 0.996 − 0.072 (− 0.167; 0.024) 0.141 0.001 (− 0.020; 0.021) 0.960
HDL-C 1.522 − 0.001 (− 0.004; 0.003) 0.708 − 0.005 (− 0.036; 0.025) 0.731 0.003 (− 0.003; 0.010) 0.305
LDL-C 2.411 − 0.004 (− 0.012; 0.004) 0.395 − 0.059 (− 0.160; 0.042) 0.253 0.002 (− 0.017; 0.021) 0.827
Non-HDL-C 2.970 − 0.003 (− 0.012; 0.006) 0.518 − 0.073 (− 0.181; 0.035) 0.187 0.002 (− 0.019; 0.023) 0.862
Triglycerides 1.318 − 0.005 (− 0.013; 0.003) 0.240 0.029 (− 0.064; 0.121) 0.540 0.005 (− 0.014; 0.024) 0.600
SBP 125.822 0.344 (0.220; 0.468) <0.001 − 1.002 (− 2.699; 0.694) 0.247 0.065 (− 0.311; 0.442) 0.733
DBP 72.934 0.115 (0.034; 0.197) 0.006 − 0.496 (− 1.585; 0.593) 0.372 0.057 (− 0.190; 0.305) 0.651
BMI 27.349 0.025 (− 0.007; 0.057) 0.126 0.161 (− 0.060; 0.382) 0.153 − 0.004 (− 0.062; 0.054) 0.891
Weight 79.203 0.065 (− 0.014; 0.143) 0.106 0.179 (− 0.370; 0.729) 0.522 0.022 (− 0.128; 0.173) 0.772

HbA1c: glycated haemoglobin, HDL-C: high density lipoprotein cholesterol, LDL-C: low density lipoprotein cholesterol, Non-HDL-C: non-high-density lipoprotein, SBP: 
systolic blood pressure, DBP: diastolic blood pressure, BMI: body mass index, MWD: MyWay Diabetes, P*: P-value from Wald test.
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augmenting the evidence base on MWD and the broader literature on 
digital interventions for diabetes management. There is a need for 
further work that incorporates a larger T1DM sample and uses a 
controlled study design to further investigate the findings of this study.
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